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Q1l: Recommend 5 movies to user 1 User Movie

user 1 using SVD algorithm

SELECT A.rid FROM CheckIns A
RECOMMEND A.mid TO A.uid
ON A.visited USING SVD
WHERE A.uid=1

ORDER BY A.visited LIMIT 5
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SELECT A.mid FROM Ratings A
RECOMMEND A.mid TO A.uid

ON A.rating USING ItemCosCF
WHERE A.uid = 1

ORDER BY A.rating LIMIT 5

RECOMMEND A.pid TO A.uid

ON A.cited USING UserPearcCF

WHERE A.uid = 1 AND A.pid = B.pid =
AND B.venue = VLDB2013’

ORDER BY A.cited LIMIT 5
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